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Background & Problem Setting Model Architecture Performance of fine-grained

- Using data different subreddits to redesign mental health Categories

the problem of mental health condition | b
detection as multi-task learning framework
- Using Active Learning to tackle data
paucity
- Message Passing and Explainability:
Using Group Lasso to act as a feature
explainer and graph-based Message Passing
mechanism to model the correlation

Category | Percision | Recall | F1-Score
Depression 0.913 0.874 0.893
Task Specific Final Dense Layer Anxiety 0.872 (.899 (.885
Other (.86(0) 0.5873 (.866

Results compared with
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baseline methods

Table 1 Overall performance of baseline methods in comparion to our method on 5,000 Reddit submissions for Depression, Anxiety and Rest.
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Case Study-Depression Case Study-Anxiety

Fig. 1 A geographical heatmap of suicide mortality in different states of USA taken from . . .
CDC and social media and news media chatter about mental health crisis Most Im P':'t't-ﬂﬂt- T':l]:-.ll"._.'t‘i- for D'I.'.*FI-I'EE"::'LIEIH Detection

: Most Important Topics for Anxiety Detection
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